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Heterogeneous Virtual Population of Simulated CMR Images for Improving the Generalization of Cardiac Segmentation Algorithms
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Current CMR segmentation approaches lack robustness in the presence of images acquired from variable sites and scanners, :
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mainly due to the scarcity of data available for training. Simulating a large set of medical images with variability in anatomical : . : ,
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representation and image appearance has the potential to address this issue. However, due to the complexity of modeling : «  Fine-tuned on ACDC data-set (103-80 train/validation-test split)

the imaging procedure and lack of accuracy and flexibility in anatomical models, available solutions are limited. i+ Baseline model: trained from scratch on ACDC data-set
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